Longitudinal surveys can give insight into economic mobility, which allows us to understand how markers of (dis)advantage are consequential in determining material conditions in the present, and how these markers structure economic opportunity over time. In this paper we show that this dynamic element-the risk of falling into (deeper) poverty and the chances of moving up-looms large in the economic lives of both the poor and the non-poor in South Africa. We use all five waves of available National Income Dynamics Study data to provide a thorough and up-to-date analysis of poverty dynamics in South Africa between 2008 and 2017. This analysis focuses on the correlates of transitions into and out of poverty, and investigates how multidimensional inequalities in terms of household-and individual-level characteristics relate to both poverty persistence and vulnerability to poverty. We also update our 2018 analysis using NIDS Wave 5 data to directly link the dynamic study of poverty to the dynamic study of inequality through the lens of social stratification.
Introduction
In developing country contexts, poverty analysis is most often undertaken using cross-sectional survey data. As long as this data is representative at a certain geographical level (local, regional, or national), it can give an indication of the extent, depth, severity, and correlates of poverty in a place, at a single point in time.
However, poverty is experienced not only at a point in time, but also over time. Poverty is not a static, timeless state; it is a dynamic and evolving phenomenon, with a past and a future, filled with risk and uncertainty. That is, households move into and out of poverty, remain trapped in poverty, or succeed in keeping their heads above water over time. In the world of risk and uncertainty in which poverty is lived, poverty is experienced as a game of snakes and ladders. However, going beyond the element of chance in this game, factors that relate to the parental background or geographic location of the household, for example, have loaded the dice in favour of some individuals compared with others. In this sense, cross-sectional analyses remain blind to both the 'snakes' that lead households or individuals to fall into poverty and the 'ladders' which facilitate poverty escapes, as well as to the contextual factors that condition these transitions. Particularly with regard to the latter, it is important to note that the experience of poverty itself may affect not only the opportunities available to a household, but also its economic choices. By missing this dynamic element, a cross-sectional perspective is fundamentally limited in understanding the nature and determinants of poverty.
Panel data, which follow individuals (or households) over time, provide a way of incorporating a dynamic perspective into the analysis of poverty. While nationally representative panel data are rare in developing countries, South Africa is fortunate to have a nationally representative panel study spanning almost 10 years. The National Income Dynamics Study (NIDS) collected its first round of data in 2008 from a sample of approximately 28,000 individuals, and returned to these individuals approximately every two years, the latest round of data having been collected in 2017. The availability of these data provides researchers with a unique opportunity to undertake poverty analysis which is not blind to these important dynamic elements. This paper aims to take stock of recent poverty dynamics research in South Africa and bring some of the main empirical findings up to date by exploiting the full five waves of NIDS panel data that are now publicly available (SALDRU 2018a, b, c, d, e) . In doing so, this paper draws on a body of research which we have produced between 2016 and 2018 using the first four waves of NIDS data (Finn and Leibbrandt, 2017; Schotte et al. 2018a, b; Zizzamia et al. 2016 ). 1 It focuses on three important dimensions along which this research has the potential to enhance our understanding of the South African poverty landscape: a. Poverty persistence: By observing the same individuals at multiple points in time, we are able to quantify the extent to which the experience of poverty in South Africa is sustained over time as opposed to being a transient, short-lived state, as well as to give an indication of the key channels through which poverty persists. Since persistent poverty and transient poverty represent distinctly different experiences which pose different challenges and needs, understanding the correlates of persistent versus transient poverty is essential for designing effective policy tools and appropriate poverty alleviation measures. b. Vulnerability: The adopted dynamic perspective furthermore reveals that poverty affects more households in South Africa than those that are observed to be poor at a given point in time. That is, we identify a group of non-poor households who find themselves in a position of economic precariousness where they are teetering on the brink of poverty. This non-poor but vulnerable group shares a number of structural commonalities with the transient poor, which would be overlooked in static analyses. Specifically, we observe that these two groups straddling the poverty line are both confronted with a situation of economic insecurity and instability, which can frequently be traced back to their volatile position in the labour market.
c. The stable middle class: A central element of our work consists in the identification of a 'stable' middle class in South Africa. Taking on a dynamic perspective, we define the middle class as the group of non-poor households who are also non-vulnerable-this is, who face a relatively low risk of falling into poverty over time. Using a model of poverty transitions fitted to NIDS panel data, we show that no more than 25 per cent of the South African population can be classified as stably middle class or 'elite'.
Drawing on our previous work, the analysis presented in this paper brings into focus the multidimensional factors through which individuals and households are empowered to achieve upward mobility and prevent downward mobility. It illustrates how both the risks of falling into poverty and the available coping strategies to confront these risks are unequally distributed across the population. Framing poverty dynamics through the lens of social stratification thus facilitates an understanding of how these multiple factors, which reflect deeply rooted and structured inequalities, are consequential in determining mobility patterns. We conclude the paper by taking the opportunity to discuss potential avenues for future research that links the dynamic study of poverty and inequality. In particular, we suggest some ways in which the study of inequality dynamics in South Africa (and other countries in the Global South where panel data are becoming increasingly available) might be informed by the existing body of research on poverty dynamics. The remainder of this paper is structured as follows: Section 2 surveys the existing literature on poverty and inequality dynamics in South Africa. Section 3 provides a brief description of the methods and data used for the analysis presented in this paper, which draws directly on our previous work. The empirical results are presented in the three subsequent sections. Specifically, Section 4 assesses the duration and persistence of poverty in South Africa, Section 5 focuses on vulnerability and the determinants of poverty transitions, and Section 6 covers issues relating to the definition and characteristics of South Africa's stable middle class and elite. The final section concludes and raises several open questions on the intersection between poverty dynamics, social stratification, and inequality, as well as suggesting some avenues through which future research may be able to find answers.
Literature review
An established literature exists on the patterns and determinants of poverty in post-apartheid South Africa (see Finn et al. 2014 for a review). The consensus is that, since the democratic transition in 1994, substantial progress has been made in reducing the depth of poverty in South Africa, largely due to redistributive transfers in the form of government grants (Leibbrandt et al. 2010) . While there has also been some progress in reducing the incidence of poverty, this has been slow, with poverty rates remaining exceptionally high for a middle-income country (Leibbrandt et al. 2010) . In 2017, Statistics South Africa (Stats SA) reported that in 2015, 55.5 per cent of the South African population could not afford to meet their basic needs-down from 66.6 per cent in 2006, but up from 53.2 per cent in 2011 (Stats SA 2017) .
However, as noted in the introduction, these aggregate poverty figures tend to mask the extent of mobility around the poverty line. The first dynamic analyses of poverty in South Africa were based on the KwaZulu-Natal Income Dynamics Study (KIDS), a longitudinal household survey conducted between 1993 and 1998 that followed 1,200 African households in the KwaZulu-Natal province, which historically has been marked by one of the highest poverty rates in the country (see, inter alia, Adato et al. 2006; Adato et al. 2007; Aliber 2003; Carter and May 2001; Woolard and Klasen 2005) . Among these studies, Aliber (2003) focuses on the dynamics of poverty below the poverty line, decomposing poverty into chronic and transient components. He finds that between 1993 and 1998, between 18 and 24 per cent of households were chronically poor, and that structural unemployment was a key determinant of this poverty persistence. Alternatively, Carter and May (2001) propose a distinction between structural and stochastic poverty based on asset endowments, where structural mobility leads to a change in permanent income while stochastic mobility is expected to be temporary. Drawing on these distinctions, they find that the majority of those who either remained poor or fell into poverty between survey waves were 'trapped' in structural poverty, whereas the majority of the movements out of poverty were stochastic.
Also using KIDS data, Woolard and Klasen (2005) investigate the determinants of poverty transitions. They find that about one-quarter of movements are due to demographic events, while the rest can be attributed to economic events. Amongst the latter, changes in employment are clearly dominant-a symptom of unemployment and a high degree of 'churning' in the labour market. Corroborating Aliber's (2003) results, they find suggestive evidence that those in larger households and those with no access to or experience in the labour market are more likely to be trapped in chronic poverty. There is also a small mixed-methods literature using KIDS, which has been able to shed light on the complex determinants of household dynamics and the role of social capital in determining economic resilience. Among these, Adato, Carter, and May (2006) and Adato, Lund, and Mlongo (2007) combine qualitative methods with KIDS data to explore the role of social capital in determining resilience to poverty and upward mobility. They find that social capital tends to smooth consumption and stabilize welfare, thereby preventing downward mobility, rather than providing a mechanism for promoting upward mobility.
Due to the limited geographic coverage of KIDS, these early studies are, however, constrained to analyse poverty dynamics and risk factors in a predominantly rural setting, which may not speak for South Africa as a whole. Leibbrandt (2013, 2017) and Finn et al. (2014) are the first to use the recently available, nationally representative NIDS data to investigate poverty dynamics in South Africa. They show that about 30 per cent of the South African population must be considered chronically poor, and that single-parent households with children have the highest poverty rates. Like Woolard and Klasen (2005) , Finn and Leibbrandt (2017) find that race, household size, and labour market insertion are the most important determinants of poverty status and that changes in the latter two dimensions dominate as determinants of poverty transitions. 2 2 While Finn and Leibbrandt find that an increase in household size plays a greater role in determining poverty entries relative to the findings of Woolard and Klasen, this is largely a mechanical issue of differences in poverty measurement. While Woolard and Klasen use an equivalized measure of household income which derives a per capita measure that takes into account differences in consumption for adults and children and considers household economies of scale, Finn and Leibbrandt use a measure where household consumption is simply divided by household size to derive a per However, using an endogenous switching model to predict poverty transitions, they also find that there is substantial genuine state dependence underlying poverty dynamics, meaning that, independent of other correlates of poverty, the experience of poverty itself is implicated as a determinant of poverty persistence. Schotte et al. (2018a) also explore the temporal dimension of poverty using the first four waves of NIDS. Their analysis reveals that eight out of ten South Africans find themselves in a situation of poverty at least once over the six-year period between 2008 and 2014/15. They show that, of these eight, four are located persistently below the poverty line during this period. Furthermore, using a similar methodology as Finn and Leibbrandt (2017) to predict poverty transitions, they show that the chronically poor are characterized by exceptionally low levels of human capital and financial assets as well as geographical isolation from markets and employment opportunities. The transient poor, on the other hand, are more urban, are better educated, and rely more heavily on income earned in the labour market than the chronically poor. The economic instability this group experiences is closely linked to their vulnerable position in the labour market, since many rely on precarious forms of employment which are unlikely to be sustained, even once attained. Zizzamia (2018) , who combines the analysis of NIDS with data from a qualitative case study of Khayelitsha, Cape Town, provides further support for this finding.
Using the same model of poverty transitions as Schotte et al. (2018a) and Finn and Leibbrandt (2017) , Schotte et al. (2018b) extend the analysis of poverty dynamics to those above the poverty line. Specifically, they propose a framework of social stratification that not only distinguishes between transient and chronic poverty, but also allows the differentiation of a non-poor but vulnerable group from the stable middle class and elite. Using this poverty-dynamics approach to social stratification, which includes the identification of a stable middle class, 3 their study engages with an emerging international literature in which growing attention has been paid to the study of vulnerability to poverty, broadly understood as the risk of remaining poor or falling (deeper) into poverty (see, inter alia, Cafiero and Vakis 2006; Dercon 2001 Dercon , 2006 Hoddinott and Quisumbing 2003; Klasen and Waibel 2013) . The main argument common to these studies is the notion that being able to afford a certain basket of goods at a given point in time provides an insufficient indication of whether the same will be true in the future. In other words, some of those who are currently non-poor may face a non-negligible risk of falling into poverty over time. This position of economic insecurity is a source of considerable discomfort, bearing the risk of negative psychological and health effects (Cafiero and Vakis 2006) , and tends to affect people's economic choices. These pernicious dynamics work together to create a low-income trap: for example, if the vulnerable, in order to minimize risks, engage in economic activities that are low-risk and guarantee-constant, but low-return (Cafiero and Vakis 2006; Dercon 2006) . capita figure. This means that in Finn and Leibbrandt's analysis household consumption is mechanically more sensitive to an increase in household size. 3 A debate has emerged in the economics literature on how to measure the middle class in developing country contexts, where those who fall, literally, in the middle of the consumption distribution often lie below the poverty line. For detailed discussion of this debate, see Zizzamia et al. (2016) . In the recent literature on the middle class in developing countries, scholars have begun to converge on the understanding that a meaningful definition of the middle class does not simply classify all non-poor households as middle class. Rather, the middle class is seen as a class which is distinct in terms of consumption behaviour, political participation, social norms, and economic empowerment and stability. These criteria are not automatically met when a poor household's income moves above the poverty line. Acknowledging this, an increasing number of researchers have adopted a vulnerability-based definition of the middle class, in which the middle class is distinguished from a non-poor but 'vulnerable' group situated between the middle class and the poor (Corral Rodas et al. forthcoming; López-Calva and Ortiz-Juarez 2014; Schotte et al. 2018; Zizzamia et al. 2016, inter alia) .
Recognizing the limitations of static consumption measures, Carter and May (2001) and Burger et al. (2015) have advocated the use of alternative non-money-metric approaches to studying social stratification and poverty dynamics. Carter and May calculate an 'asset poverty line' to distinguish structural from stochastic mobility, and Burger et al. adopt a capability approach to identify various non-monetary capabilities, which according to Sen (1999: 87) represent the 'substantive freedoms [one] enjoys to lead the kind of life he or she has reason to value'. However, as Zizzamia et al. (2016) argue, there are several reasons that these approaches go too far in moving away from monetary measures. First, in the South African context of deep retail penetration and market integration even in rural areas, households remain reliant on income from the labour market and state grants to survive. Because of this, the rapid expansion of state-provided services since 1994 means that using multidimensional measures at the expense of money-metric measures may lead to an overly optimistic narrative of social progress (Meth 2016) . Second, Schotte et al. (2018b) , Zizzamia (2018) , and Zizzamia et al. (2016) show that for many households, economic fortune is crucially dependent on one's position in the labour market, and that this position is inadequately reflected or predicted by assets or by access to basic goods and services. Acknowledging both the limitations of purely monetary-based approaches to social stratification and multidimensional approaches which overlook the importance of income earned in the labour market, Schotte et al. (2018b) exploit the opportunity presented by the availability of NIDS panel data to develop an approach to social stratification which aims to overcome the limitations of both money-metric and multidimensional approaches. 4
Using this approach linking the dynamic study of poverty and vulnerability and the middle class literature in economics, Schotte et al. (2018b) show that, with an average population share close to 24 per cent between 2008 and 2014/15, the group of South Africans who can be considered as stably middle class or elite is considerably smaller than most other studies suggest. They further find that the transient poor and the vulnerable, at 27 per cent, constitute a considerable share of South Africa's population and that these two groups, which straddle the poverty line, are structurally more similar in terms of their average household characteristics than a dichotomous poor/non-poor distinction would suggest. In line with the previous literature, their analysis again exposes the labour market as a key determinant that differentiates class categories. Specifically, they find that while most household heads in the middle class and elite are formally employed with a permanent work contract and union coverage, their equivalents among the transient poor and vulnerable are more often employed in precarious employment relationships and a larger share is either unemployed or economically inactive. Finally, Schotte et al. (2018b) also draw attention to the finding that approximately 50 per cent of the South African population are trapped in chronic poverty in that they are both poor and highly unlikely to escape poverty. Echoing the findings of Aliber (2003) , Finn and Leibbrandt (2017) , and Woolard and Klasen (2005) , they show that chronic poverty is driven primarily by structural unemployment and geographical isolation from economic opportunity.
In what follows, we update the findings of this body of work using all five waves of NIDS data, focusing on the ways in which multidimensional inequalities are consequential in shaping mobility patterns.
Methods and data
This paper uses data from NIDS, South Africa's only nationally representative household panel study. NIDS began in 2008 with a sample of over 28,000 individuals in 7,300 households. It is these individuals that NIDS has followed since 2008-literally tracking them across the length and breadth of the country-and it is their unfolding livelihoods that underpin the socio-economic dynamics that we reflect in this paper. There are currently five waves of data available, spanning the nine years from 2008 to 2017, with each wave of data spaced approximately two years apart.
As our focus in this study is on poverty dynamics and transition patterns, individuals need to be successfully tracked over at least two consecutive survey waves. In most of the analysis in this paper, we pool data from pairs of consecutive waves ( − 1 and ), such that the analysis of changes over time represents changes between 2008 and 2010/11, 2010/11-2012, 2012-2014/15, and 2014/15-2017 , controlling for period-specific changes (fixed effects). Only in Section 4, which investigates the duration of poverty, do we reduce the sample to the balanced panel of 15,673 respondents that were successfully observed in all five survey waves.
In line with the research upon which this paper draws, we use expenditure rather than income as a measure of economic welfare. This requires the assumption that expenditure is a good proxy for the resources which are available to individuals and hence reflective of their overall living standards and economic wellbeing. 5 Expenditure is used most often in South Africa to undertake analyses of poverty, since it is assumed that, to the extent that households are able to smooth consumption, expenditure is a better approximation of permanent household income. 6 Panel weights are used to correct for the presence of non-random panel attrition in NIDS. Of the 26,775 sample members who were successfully interviewed in 2008, 15,673 were re-interviewed in all four subsequent waves, giving an attrition rate for the balanced panel of 41.47 per cent. However, between-wave attrition, which is most important in this study, is substantially lower, ranging from 9.3 to 21.1 per cent. This is because it is fairly common that respondents who are missed in one wave are successfully contacted again in the next. We refer interested readers to Schotte et al. (2018a, b) for further details on the construction of weights.
Before moving on to the analysis, it is important to briefly highlight some of the limitations of the data at hand. The 2008 sample was drawn on a nationally representative basis, and the poverty headcount (UBPL) calculated from these data on the basis of per capita household expenditure closely matches official statistics. However, the poverty trends observed over subsequent waves should be treated with caution (see Table 1 ). Using household expenditure, poverty increased in NIDS up to 2010/11, with a remarkable rise by five percentage points in the share of households being pushed below the food poverty line. From 2010/11 to 2014/15, poverty levels decreased, the strongest fall being observed from 2012 to 2014/15. This general trend is consistent across key variables and robust across subsamples (a similar pattern emerges when restricting the sample to respondents that were successfully interviewed in all five waves). However, the strong reduction in poverty over the last two years of NIDS in particular may raise doubts, given that it was not mirrored by a major event at the macro level and it does not match the official statistics on poverty trends as reported by Stats SA in 2017 (see Table 1 ). 10 There are thus good reasons to believe that the poverty dynamics observed in NIDS are not fully representative at the national level but rather apply to a certain sub-population that was somewhat more likely to be upwardly mobile. 11 This may be a consequence of differential attrition. Nevertheless, our estimates can still offer important information on the household characteristics and events associated with movements into and out of poverty. It is important to note that our estimates of the chances of poverty exit should thus be treated as an upper bound. In other words, poverty will tend to be yet more persistent at the national level than we are recording here. Additionally, Table A1 in the appendix compares differences in poverty incidence and mean expenditure between the NIDS panel and NIDS crosssections-illustrating that poverty rates in the balanced panel are slightly lower than in the NIDS cross-sections. Finally, it is important to note that NIDS is a panel study that tracks individual respondents. This implies that, although our poverty measure is defined at the household level, changes in poverty status over time will be observed at the level of the individual and will not necessarily be identical across members initially belonging to the same household, as household composition almost always changes over time.
Poverty persistence
The aggregate poverty trends and figures presented in the previous section mask a great deal of economic mobility both into and out of poverty, which NIDS allows us to illuminate. Table 2 presents five poverty transition matrices-for 2008-2010/11, 2010/11-2012, 2012-2014/15, and 2014/15-2017- as well as the pooled sample of wave-to-wave transitions between time t-1 and t. These matrices distinguish between states representing three gradations of economic wellbeingnon-poor, poor, and food-poor-and illustrate the extent of movements between these states. The values on the diagonal of the transition matrices indicate the share of individuals who maintained their poverty status, whereas those below the diagonal were downwardly mobile, and those above the diagonal were upwardly mobile. We find that, on average, those living below the FPL were the most likely to be trapped in extreme poverty. Their chance of moving out of poverty completely by moving above the UBPL was just above 10 per cent on average over the full time horizon. In contrast, those with consumption levels between the FPL and the UBPL experienced particularly high levels of both upward and downward mobility, only about 40 per cent of these individuals maintaining their poverty status over time. In comparison, the food-poor and the non-poor display a greater degree of stability. Over the full time horizon (see Table 2e ), on average, 63.4 per cent of the food-poor and 76.9 per cent of the non-poor remained in the same state. The trend in poverty dynamics over time (see Table 2a -d) suggests a gradual reduction in poverty, in accordance with Table 1 , an increase in resilience to poverty, and a decrease in the persistence of extreme poverty. However, bearing in mind the inconsistency between cross-sectional poverty estimates and the trends displayed in the NIDS panel (Table 1 and Figure 1 ), this optimistic finding should be interpreted with caution. Table 2 shows the extent of mobility across welfare categories over time. A more illuminating insight into mobility patterns is gained by exploiting the full longitudinal scope of the NIDS data, and disaggregating mobility patterns by demographic and household characteristics. Table 3 does this by dividing the population into six groups according to the number of spells of poverty, with those in the leftmost row having been observed in all five waves to be poor, and those in the rightmost column having been observed in none of the five waves to be poor. An obvious limitation is that Table 3 says nothing of the poverty status of households in the approximately two years between waves, meaning that it is possible that some of those observed to be poor (or non-poor) in two consecutive survey waves were actually transitioning into and out of poverty between the points in time in which these households were surveyed. We interpret Table 3 with these limitations in mind.
The top row reports statistics for the population as a whole. Like Schotte et al. (2018a) , who use the first four waves of NIDS, we find that only a small portion (14.7 per cent) of panel members remained consistently non-poor through the five waves of NIDS. In contrast, 36.1 per cent of all panel members remained consistently below the poverty line in all five waves, an additional 21.3 per cent being poor in four out of the five waves. In the rows below, results are reported for several sub-samples of households based on different household characteristics. Although the sample size is small, it is striking that of the 274 white individuals who were tracked in all five waves, none were observed to be poor in four or five waves, while 93.6 per cent were observed to be consistently non-poor. In the African sample, in contrast, 62.9 per cent were observed to be poor in four or five waves, with only 8.9 per cent remaining non-poor in all five waves. Education of the household head (as measured in Wave 1) is similarly strongly associated with mobility patterns. Those in households with heads that have less than matric are much more likely to experience multiple spells of poverty than those in households with better educated household heads. Those in households with heads who have post-matric qualifications are highly unlikely to experience prolonged spells of poverty and are much more likely to have remained stably nonpoor between 2008 and 2017.
A clear distinction is also apparent in the dynamic poverty patterns across the urban/rural divide. A striking 2.5 per cent of rural households remained non-poor throughout 2008-2017, while 82.86 were poor in four or five waves. In contrast, 24.7 per cent of urban households remained stably non-poor (34.2 per cent being non-poor in four or five periods), and 42.7 per cent were poor in four or five periods. While it is clear that persistent poverty is widespread even in urban South Africa, it continues to dominate the poverty landscape in rural areas.
Confirming the findings of Finn and Leibbrandt (2017) , we also find that single-parent households are substantially more likely to be poor in four or five periods, and are about half as likely as the population average to remain out of poverty in all five waves. However, in Table 3 , household type is defined only on the basis of Wave 1 variables, meaning that household compositional changes may confound the relationship we observe between household type and mobility patters. We try to address this somewhat by restricting the sample by the gender of the household head in all periods. We find that 71.8 per cent of households which are female-headed in all five waves remained in poverty in four or five waves, compared with only 29.1 per cent of male-headed households. It is worth noting that female-headed households are three times as likely as maleheaded households to be single-parent households. Notes: a) All cell proportions are weighted using Wave 5 panel weights. b) Age variables are defined as described in Table 3 . c) Single-parent households are defined as households with a single adult and one or more children. Two-adult households are defined as households with at least two prime-aged adults, with or without children. d) * denote cases in which group variables are defined using Wave 1 values (2008) . In these cases, where changes in household composition occur, these variables may not apply across waves for individuals. For example, we distinguish between households on the basis of the education of the household head in 2008. Members of these households may move to other households where the household head is more (or less) educated, but here they remain classified on the basis of the education of their household head in 2008.
Source: Authors' calculations. Table 3 we look only at the number of periods spent in poverty, in Table 4 we attempt to account for the relationship between the severity of deprivation and the time spent in poverty.
While in
To do so, we decompose the standard set of Foster-Greer-Thorbecke (FGT) (Foster et al. 1984) poverty measures into persistent and transient components following an approach developed by Foster (2009) . This allows us to investigate the link between the time spent in poverty and the standard FGT dimensions of incidence, depth, and severity. Since there are five periods, we can separately look at individuals that were poor in none, one, two, three, four, or all five waves. If a minimum of four spells spent in poverty is specified as the duration cut-off for defining persistent poverty, then persistent poverty is observed to be responsible for between 76 and 85 per cent of the total poverty headcount. Even if we were to define as persistently poor only those who fell below the poverty line in all five waves, the persistently poor would still make up over 50 per cent of the overall poverty headcount.
When looking at the depth and severity of poverty-that is, when we take the distance of the poor to the poverty line into consideration-the share of poverty attributable to the persistently poor increases further. Those who were poor in four or five waves make up about three-quarters of the total poverty gap and about nine-tenths of the squared poverty gap or poverty severity index (see Table 4 ). That is to say that the persistently poor (i.e. those who were poor in four or five waves) tend to be those who experience the highest levels of deprivation. While distressing, this is also unsurprising, given that the further the distance to the poverty line, the less the chance of escaping poverty. 
Vulnerability
In Section 4 we saw that persistent poverty affects primarily African, single-parent, female-headed, and rural households. Members of these households are often poorly educated and long-term unemployed. However, we also see that, between 2008 and 2017, poverty affected many more South Africans than those who are persistently poor. The fact that 49.2 per cent of all panel members were observed to move into or out of poverty at least once over the nine-year period under study shows that poverty, experienced as a transient state, affects a large portion of the population. The urban African population, in particular, appears to be afflicted by transient poverty, those who are poor often moving out of poverty, and those who are not poor often falling (back) into poverty over time.
In this section, we try to understand the determinants of vulnerability to poverty and the routes through which the poor escape poverty and the non-poor fall into poverty. We attempt to measure the strength of the association between various events and transitions across the UBPL using a methodology developed by Jenkins (2011) . While this approach does not allow us to give a causal interpretation to the impact of these events, it does permit us to understand something of the strength and nature of the association between various shocks and poverty transitions. The results of this analysis are reported in Table 5 and Table 6 .
The trigger events listed in Table 5 and Table 6 are split between labour market events, non-labour market income events, and demographic events. For each event, in the first column of the respective tables we report the prevalence with which the event occurred for those who were nonpoor (Table 5) or poor (Table 6 ) in the initial period.
In the second column of each table, we report the poverty entry rate (Table 5 ) or exit rate (Table  6) , conditional on event occurrence-that is, the poverty entry/exit rate among the subset of the population which experienced the trigger event in question. This can be compared with the unrestricted sample's poverty entry rate of 23.1 per cent or exit rate of 18.0 per cent, as reported in the second column of the two tables. This second indicator could be considered a measure of event 'intensity'-the more 'intense' the event, the more likely a transition out of or into poverty is, conditional on experiencing the event. However, here it is also worth noting one of the event intensity indicator's limitations: intensity rates are biased by the confounding impact of other factors not considered in this associational analysis. For example, while the results in Table 5 suggest that the loss of a formal job has no effect on the likelihood of entering poverty, this is merely because this applies only to those with access to formal jobs in the first place-who also happen to be more likely to have access to other mechanisms which protect them from descent into poverty.
The final column in Table 5 and Table 6 indicates the proportion of total poverty transitions which are associated with particular events. These figures are jointly determined by those reported in columns 1 and 2: the total share of poverty transitions associated with an event will be a function of how frequently an event occurs, and how often it leads to a poverty transition when it does occur.
These results are useful for getting a sense of the importance of various events in determining poverty transitions. The fact that more than one-quarter of all poverty entries are associated with a job loss in the household suggests that a strong link exists between the ability to maintain a job and economic resilience. Similarly, approximately one-third of all poverty escapes are associated with job gains in a household. A change in household size, on the other hand, is associated with approximately half of all poverty entries and exits. While this suggests that demographic events are more important, this is at least partly explainable by the mechanical effect that a change in household size has on poverty measurement when household consumption is divided by household size to derive a per capita measure. Further, as noted above, this associational analysis fails to take into account that the strength of associations between job losses (gains) and poverty entries (exits) may be confounded by factors which it fails to account for. Source: Authors' calculations. Recognizing the extent of mobility around the poverty line and how the patterns of this mobility reflect deep-rooted social and economic inequalities, we proceed to a more careful econometric modelling of the determinants of poverty entry and exit. Our approach to predicting future poverty status from current household-and individual-level characteristics follows a methodology developed by Cappellari and Jenkins (2002 . Our application of this methodology to NIDS data is described in detail by Schotte et al. (2018a, b) , to which we refer interested readers.
Simpler models of poverty risk overlook two key factors which our approach addresses. First, if the experience of poverty itself, independent of other characteristics, affects the likelihood of experiencing poverty in future, then controlling for these initial conditions will be necessary to yield unbiased results. Second, if attrition from the NIDS panel is non-random in the sense that more economically advantaged individuals are more (or less) likely to leave the sample, this may bias the risk estimates if this systematic attrition is not accounted for.
We address these issues by using a multivariate probit model that jointly estimates a system of three equations, these being (1) a first-order Markov process of poverty transitions between two consecutive panel waves, t-1 and t (this being the equation of principal interest); (2) the poverty status at t-1 (thereby accounting for the potential endogeneity of initial conditions); and (3) an equation predicting sample retention (thereby taking potential non-random attrition into account).
The results are reported in Table 7 . Members of female-headed households are on average 6.8 per cent more likely to slip into poverty and 1.5 per cent less likely to escape poverty than members of households where the head is male. Complementing the descriptive profile offered in Section 4, we observe that race remains a strong predictor of poverty in South Africa, black Africans being at the highest risk of being poor. In comparison, whites are 26.6 per cent less likely to fall into poverty and 42.6 per cent less likely to remain poor, even after controlling for differences in education. Characteristics of the household head (HoH) in t-1 HoH age 0.003 0.011*** (0.004) -0.003 -0.020*** (0.007) HoH age squared ( Higher levels of education of the household head are strong predictors of a lower vulnerability to poverty. The estimated effects differ considerably between initially poor versus non-poor households. For example, we find that those living in households where the head has attained at least some secondary education are on average 5.6 per cent less likely to remain poor, whereas the risk of falling into poverty is reduced by 14.8 per cent. For those where the head has completed secondary schooling, the average poverty risk is reduced by 11.1 per cent if household members were initially poor and 20.9 per cent if initially non-poor. This divide in the marginal effect of education for initially poor versus non-poor households may be explained by a number of factors. For example, poverty may lead to a depreciation of human capital and employment skills, causing low-pay or unemployment spells and thus increasing the duration spent in poverty. We can also expect that there is a difference in the quality of education between those observed to be poor versus non-poor. Lastly, there may be a sorting effect to the extent that those with higher ability or better motivation at the same level of education tend to be overrepresented in the non-poor group.
With respect to household composition, the presence of economically dependent household members goes in line with an elevated vulnerability to poverty. The number of employed household members by contrast has a vulnerability-reducing effect, though this effect is smaller for the initially poor than the non-poor. In addition to the explanations suggested earlier, we may imagine that being poor leads to difficulties in finding good quality jobs, for example through social network effects, which in turn reduces the probability of exiting poverty.
With respect to labour market controls, we estimate that persons living in a household where the head is unemployed face a similar risk of falling into poverty to those with an economically inactive head. However, having a working household head does not necessarily result in a lower vulnerability to poverty. The effect rather seems to depend crucially on the type of employment that the head engages in, especially with regard to its stability and duration. Everything else being equal, we find that members of households where the head engages in personal agricultural work are just as vulnerable to poverty as those where the head is inactive. Those living in households where the head is casually employed or helps other people with their business are on average 4.1 per cent more likely to remain poor than those with inactive heads. More substantial yet is the difference among the presently non-poor, where such an unstable job position of the household head is associated with a 17.7 per cent higher risk of falling into poverty, thus constituting an important vulnerability factor.
Self-employment of the household head can provide an avenue out of poverty. However, while self-employment of the household head in the informal sector has no statistically significant effect on the chance of poverty exit, those living in households where the head runs a formal sector business (registered for income tax and/or VAT) face an 11.3 per cent higher chance of making it out of poverty.
Similarly, among the non-poor, self-employment of the household head in the informal sector is associated with an elevated risk of falling into poverty, while self-employment in the formal sector is associated with a 13 per cent lower risk of poverty entry. A similar pattern is observed among those in wage employment. Here, a poverty risk-reducing effect of employment is only observed for those with a permanent work contract and union coverage. In terms of geographic patterns, having access to basic services is associated with a 5 per cent lower vulnerability to poverty. We further observe that for the initially non-poor, the risk of falling into poverty is about 8.1 per cent lower in urban than in traditional areas, whereas the chances of escaping poverty are not significantly different between regions.
The stable middle class
In our prior research (Schotte et al. 2018b; Zizzamia et al. 2016) , we argued that the availability of rich panel data in South Africa presents a unique opportunity to link the analysis of economic mobility to the study of social stratification. In the sense that this analysis identifies the relationship between individual and household characteristics and patterns of economic mobility, these schemas of social stratification can also reveal insights into the structured nature of inequality in South Africa.
The stratification schema suggested by Schotte et al. (2018b) begins by assuming a standard division of society into three main classes based on monetary thresholds: the poor or the lower class, the middle class, and the elite or the upper class. We understand the poor as those who are in an economically precarious situation in the present period, which does not allow them to satisfy their basic needs. In other words, the poor are those who fall below Stats SA's UBPL, reflecting the average estimated cost of a consumption basket that is deemed to be adequate, with respect to both food and non-food components. Similarly, we understand the elite as those in society who enjoy a standard of living well above the national average. Following Schotte et al. (2018b) , for the empirical application, we will arbitrarily fix the elite threshold at two standard deviations above the mean per capita household expenditure.
Taking on a dynamic perspective, we introduce two further sublayers (see Figure 1) . Based on our model of poverty transitions, presented in Section 5, we can predict each person's propensity to remain in or fall into poverty in the near future-based on the household characteristics and the observed poverty status at present. We believe that these forward-looking scores provide a more comprehensive understanding of a person's (medium-term) welfare prospects than we could gain by focusing exclusively on reported expenditure levels. Based on these latent poverty propensities, we distinguish those with chances of exiting poverty below the observed average exit rate and thus a comparatively high risk of poverty persistence-the chronic poor-from those with above average chances of making it out of poverty-the transient poor. Analogously, among those currently above the poverty line, we distinguish those who face an above average risk of slipping into povertythe vulnerable-from the more secure 'actual' middle class, whose members face a below average risk of falling into poverty and thus have better chances of sustaining a living above the subsistence level (see Figure 1 ). This approach to social stratification has advantages over both purely money-metric and multidimensional approaches, in that our schema remains anchored around money-metric thresholds, with the cost-of-basic-needs poverty line marking the crucial (and materially meaningful) distinction between those who can and those who cannot afford to meet their basic needs. At the same time, the further subdivision between the poor and non-poor is made not on the basis of monetary thresholds, but rather on propensities for poverty transitions, which are calculated on the basis of a set of individual and household characteristics. This set of household and individual characteristics can be interpreted as representing the multidimensional determinants of economic empowerment.
Perhaps more importantly, unlike multidimensional measures, which are theoretically assumed to represent 'empowerment' or 'capabilities' and in which different dimensions are weighted arbitrarily (as in the Alkire and Foster (2011) method) , in our approach the relevance of the multidimensional determinants of empowerment are automatically weighted in the regression framework to reflect their ability to predict an outcome representing economic empowermentthat is, mobility patterns.
Furthermore, our regression framework allows us to include several employment characteristics as explanatory variables, thereby overcoming the limitation in many multidimensional approaches: that of overlooking the crucial role played by the labour market in determining economic empowerment. Finally, as discussed in Section 1, individual welfare is affected not only by one's current consumption, but also by the uncertainty one faces in terms of the prospects of maintaining or improving one's welfare. While in the standard division of society into the poor and not poor these issues are often overlooked, our regression framework explicitly accounts for the role of economic instability. Thus, by estimating the size of the vulnerable non-poor and transient poor groups, we are given the opportunity to identify those households which are most likely to churn around the poverty line-and for whom vulnerability and economic insecurity are perhaps more important elements in determining their economic welfare than their poverty status as observed at any single point in time.
Using the multivariate probit model presented in Section 5, for each individual we predict the probability of experiencing a poverty transition. Based on these probability scores, individuals are then sorted into each of the classes in Figure 1 . Table 8 reports class sizes. As expected, the chronic poor make up the largest single class, with a population share approaching 50 per cent. The transient poor and vulnerable non-poor, combined, make up about a quarter of the population, indicating the large share of those who are affected by (or at least at high risk of) poverty as a transient state. The middle class is smaller than most previous studies have estimated: only about one-quarter of the population can be considered stably middle class or elite. Source: Authors' calculations using NIDS Waves 1 to 5 pooled sample (post-stratified weights corrected for panel attrition).
As Figure 1 illustrates, the class groupings mark a clear difference in terms of mobility patterns. While the chronic poor had an average chance of exiting poverty of 12.9 per cent, close to 40 per cent of the transient poor exited poverty between survey waves. Similarly, while only about 12.1 per cent of the stable middle class fell into poverty over time, the same applied to 49.0 per cent of those classified as being vulnerable to poverty. Figure 2 reports trends in class sizes for the full period between 2008 and 2017. While it is encouraging that there seems to have been a decrease in chronic poverty between 2008 and 2017 in the order of approximately 10 percentage points, this decline has been accompanied primarily by growth in the size of the vulnerable class by approximately seven percentage points, while the middle class and elite grew only marginally-by about one percentage point each. Despite the overall decline in poverty observed using the data at hand (bearing in mind the caveats discussed in Section 3), it is important to acknowledge that those moving out of poverty mostly moved into a position in which they remained vulnerable to falling into poverty over time, rather than into the stable middle class. Having defined social stratification in this way, we describe how these classes differ in terms of several relevant household-and individual-level characteristics (see Table 9 and Table 10 ). We find that chronically poor households tend to be disproportionately large and young. The concentration of South Africa's children in chronically poor households is particularly concerning, especially given that the mean consumption of these households is below the food poverty line-meaning that these households are struggling to meet their most basic caloric requirements and hence are at a high risk of malnourishment. The long-run risks for children in these households is substantial (Altman et al. 2009; Rose and Charlton 2002) .
Chronically poor households are about twice as reliant on social grants as households in other classes, and much less reliant on income from the labour market. This reflects both the spatial markers of disadvantage, most of these households being concentrated in rural areas, and their structural exclusion from the labour market. These households are homogenously African, and household heads are poorly educated, 95 per cent having less than matric. and vulnerable non-poor groups are striking. The households in these groups are similarly sized, rely heavily on the labour market for income (with 72.58 and 74.58 per cent, respectively, relying primarily on labour market income), are distributed geographically in similar proportions between rural and urban areas, have comparable levels of education, and are predominantly African (with a smaller share of coloured members). b In line with the 2011 census, three settlement types are distinguished in NIDS: Urban-A continuously built-up area that is established through cities, towns, 'townships', small towns, and hamlets. Traditional-Communally owned land under the jurisdiction of traditional leaders; settlements within these areas are villages. Farms-Land allocated for and used for commercial farming including the structures and infrastructure on it. Those parts of the country falling under the jurisdiction of traditional authorities (or traditional chiefs) are considered as rural, mainly due to their lack of infrastructure due to past legacy.
Source: Authors' calculations using NIDS Waves 1 to 5 pooled sample (post-stratified weights corrected for panel attrition). The one exception to these similarities-the difference in mean consumption between these groups-is equally striking. The mean consumption of these groups differs dramatically, at R745.13 mean per capita expenditure among the transient poor compared with R2,331.93 among the vulnerable. The fact that these differences in observed income/expenditure are not reflected in differences in household and individual characteristics simply reflects the fact that, for these households, expenditure levels at any one point in time are highly volatile and difficult to sustain. As discussed elsewhere (Schotte et al. 2018b; Zizzamia 2018) , this volatility in consumption is driven primarily by the highly tenuous attachment to the labour market and the lack of effective risk management mechanisms available to these households.
These observations serve to reinforce a point made throughout this paper-that in a context of high levels of economic precariousness even among the non-poor, distinctions between the poor and non-poor may be less meaningful from a dynamic perspective than is typically assumed. In other words, we may think of these households as being structurally similar, and only stochastically distinct in terms of their observed income/consumption.
A strength of our schema is that it allows us to distinguish a middle class which is structurally distinct from the vulnerable non-poor. Table 9 and Table 10 confirm this: Compared with transient poor and vulnerable households, middle-class households are smaller, have fewer children, have more workers, rely more heavily on income from the labour market and less on social grants, and are located almost entirely in urban areas. While approximately half of all middle-class households are African, whites are represented disproportionately highly in the middle class relative to their population share, one in three middle-class households being white. At the same time, Figure 3 illustrates that there has been rapid growth in the African middle class in the last decade: in 2008 only 47 per cent of the middle class was African, compared with 64 per cent in 2017. Two-thirds of middle-class household heads are educated at matric level or higher, and threequarters are employed, typically as formal sector employees. Because of the higher quality and stability of their insertion into the labour market and their superior levels of human capital, middleclass households earn on average twice as much from the labour market as households in the vulnerable class (R5,366.17 compared with R13,127.37), and are much more likely to be able to sustain this income.
As expected in a high-inequality context like South Africa, the elite are distinct from the rest of the population. Their income/consumption is of an order of magnitude higher even than the middle class, households are smaller and more homogenously white (although with some growth in the African share of the elite between 2008 and 2017, from 14 per cent to 22 per cent), and among household heads, tertiary education and formal employment is the norm. The elite is homogenously urban-based. While NIDS data are not well suited to measuring wealth, in line with recent literature (Bassier and Woolard 2018; Orthofer 2016) , it is also worth noting the substantial share of income the elite derives from capital investments.
In terms of geographical distribution, among South Africa's nine provinces, KwaZulu-Natal has the highest incidence of chronic poverty and the second smallest middle class after Limpopo (Figure 4) . However, KwaZulu-Natal also has the fourth largest elite (after Gauteng, the Western Cape, and Mpumalanga), indicating a substantial degree of socio-economic inequality and polarization in this province. Chronic poverty is lowest in Gauteng and the Western Cape-which are also the two provinces with the largest middle class and elite. These differences are closely While vulnerability is substantial in all provinces, including those provinces with low levels of chronic poverty, we observe a negative relationship between the extent of chronic and transient poverty across the provinces (Figure 4 ). The nature of labour market insertion is a key distinguishing factor between classes-but also allows us to highlight relevant similarities between classes. Conditional on being employed, we differentiate between five types of employment: employment with a permanent work contract, employment with a temporary or time-limited work contract, self-employment, casual work, and subsistence agriculture. Figure 5 illustrates the distribution of these employment categories across the classes.
Chronically poor adults (and, to a lesser extent, transient poor and vulnerable adults) are far more likely to be economically inactive or unemployed than those in the middle class and elite. As expected, precarious forms of work such as casual employment and employment without a permanent work contract make up the largest share of jobs among the poor and vulnerable, while among the middle class and elite 80 per cent of all household heads who are employed have a permanent contract.
Differences in occupations across the classes reflect class differences in human capital, household heads of chronically poor households being most likely to be employed in elementary occupations. Elementary occupations and service and sales occupations also dominate among household heads in transient poor and vulnerable households. As expected, white-collar occupations are most common in middle-class and elite households.
Interestingly, across all classes, the closest similarities in terms of labour market insertion are between the transient poor and vulnerable non-poor-again affirming the structural affinity between these classes straddling the poverty line. Source: Authors' calculations using NIDS Waves 1 to 5 pooled sample (post-stratified weights).
Conclusions
Unlike cross-sectional studies, the insight that longitudinal surveys can give into economic mobility allows us to understand not only how markers of (dis)advantage are consequential in determining material conditions in the present, but also how these markers structure economic opportunity over time. Poverty is experienced not only in time but also, crucially, over time. In this paper we show that this dynamic element-the risk of falling into (deeper) poverty and the ambition of moving up-looms large in the economic lives of both the poor and the non-poor in South Africa.
We update the results of Finn and Leibbrandt (2017) Schotte et al. (2018b) using NIDS Wave 5 data so as to directly link the dynamic study of poverty to the dynamic study of inequality through the lens of social stratification.
Five main empirical findings emerge from this analysis:
• First, in line with the earlier findings by Schotte et al. (2018b) , we show that the share of South Africans who can be considered as stably middle class or elite-at 24.4 per cent on average between 2008 and 2017-is considerably smaller than most studies relying on less demanding, statically defined class criteria suggest. • Second, we find that the transient poor and the vulnerable, at 26.8 per cent, constitute a considerable share of South Africa's population. Interestingly, these two groups who straddle the poverty line are strikingly similar in terms of their average household characteristics. We argue that they differ from both the chronically poor and the stable middle class and elite not only in terms of household characteristics, but likely also in policy needs. In this regard, the perspective that our social-stratification schema affords us is valuable in that it challenges the meaningfulness, in a dynamic sense, of the standard division of society into poor and non-poor groups. • Third, the number of household members in employment and, in particular, their employment status and type of employment are revealed to be key determinants of resilience or vulnerability to poverty. Specifically, households which are resilient to poverty (i.e. the middle class and elite) have household heads who are formally employed with a permanent work contract and with union coverage. Among those facing greater vulnerability, in contrast, unstable and informal employment relationships dominate and a larger share is either unemployed or economically inactive. From this we conclude that closing the skills gap and increasing both the quantity and quality of jobs will remain central challenges that South Africa's government and the social partners will need to address in order to lift larger parts of the population into the middle class and prevent backslides into poverty. At the same time, for the foreseeable future many vulnerable households will not be on this positive trajectory. Explicit policy attention needs to be devoted to understanding and supporting those working in more precarious forms of work so as to raise the stability, productivity, and real earnings of their work, too. • Fourth, the substantial extent of churn around the poverty line notwithstanding, poverty experienced as a persistent state still dominates the overall poverty landscape. In country contexts marked by enduringly high socio-economic inequality, like South Africa, despite the gains in tackling chronic poverty, policymakers should not lose sight of the large share of the population that remains locked in persistent poverty with very low chances of being fruitfully integrated into the labour market. In addition to the provision of basic services that ensure that this group's health, education, and nutritional needs are met, social transfers will remain an indispensable source of income for many of the chronic poor. • Finally, there is indicative evidence that the poor (and the vulnerable non-poor) are not only more exposed to several risk factors but, in addition, seem disproportionately deprived in terms of their access to effective formal and informal insurance mechanisms to confront these socio-economic risks. This higher risk exposure and inadequacy of existing coping strategies gives scope for targeted social protection interventions. However, to fill this space, policymakers will require a closer investigation into how social stratification is related to the distribution, frequency, and intensity of poverty-triggering events, on the one hand, and access to coping mechanisms, on the other.
A take-away from the above findings is that the most relevant distinction, from a policy perspective, may be between the chronic poor, on the one hand, and the transient poor and vulnerable, on the other, rather than between the poor and non-poor. It is the chronic poor who are trapped in poverty, while the transient poor and vulnerable are more likely to experience poverty as a temporary state. While social grants are key to the survival of the chronic poor, they do not address the structural barriers to upward mobility. In this sense, creating opportunities for breaking these structural barriers will be imperative for dealing with chronic poverty. These may include facilitating migration as a way of accessing markets and services unavailable in rural areas, or targeting such groups with policies directed at changing the spatial distribution of economic opportunities so as to improve access to these opportunities within impoverished areas. For the transient poor/vulnerable, on the other hand, addressing labour market frictions and strengthening labour regulation and support for formal and informal small enterprises may improve employment prospects and employment quality. This group also stands to benefit from the provision of insurance mechanisms, which may help buffer shocks in the short and medium term, in turn facilitating upward structural mobility into the stable middle class in the longer run.
The approaches that we apply in this paper provide a bridge between the study of poverty over time and patterns of social stratification. Considering this analysis as a stepping stone, we believe that there is a need for future research that can provide stronger links-both theoretical and empirical-between the analysis of poverty dynamics and the study of inequality more broadly.
With this in mind, we now highlight several open questions and potential avenues for further studies.
Given the analytic and policy benefits of a poverty dynamics lens on understanding stratification across the distribution, the first challenge consists in investigating innovative ways of translating these dynamics into an indicator which can be expressed more simply and intuitively. This will ensure a basis of comparability across both place and time. Schotte et al.'s (2018b) approach, which uses a predictive model of poverty risks to link the definition of social strata to an in-depth analysis of poverty transition, provides an important step in this direction. However, one of the main limitations of this approach consists in the specification of the probability thresholds, which separate the chronic poor from the transient poor, and the vulnerable from the stable middle class. These thresholds rely on the estimation of a panel data model in the individual country-specific context and will depend on the period under study, since the chances of upward and downward social mobility change over time.
Second, there is a need for excellent theoretical and methodological research on the dynamics of social inequalities, where best-practice approaches remain to be explored. A number of previous economic studies suggest estimating a dynamic measure of inequality by calculating the Gini coefficient (and/or other standard inequality indices) using an intertemporal income or consumption average. If households are able to smooth their income or consumption over time, this dynamic measure is going to return a lower level of inequality than would have been obtained using a static measure (Finn and Ranchhod 2017) . On the other hand, a number of studies in the social sciences as well as in the psychology and health literature have shown that a situation of vulnerability and economic instability can be welfare-reducing, even if the expected drop in welfare does not materialize (Cafiero and Vakis 2006; Dercon 2006) . In this sense, economic insecurity not only presents a source of considerable discomfort and bears the risk of negative psychological and health effects (Cafiero and Vakis 2006) , but also tends to affect people's economic choices. An important example, which has been observed elsewhere in the world (Cafiero and Vakis 2006; Dercon 2006) , is that of a low-income trap created when the vulnerable, in order to minimize risks, engage in economic activities that are low-risk and guarantee-constant, but low-return. Dynamic studies of inequality may want to take these factors into consideration.
A final issue which is worth flagging and which will require further research is the lack of engagement in our work thus far with top incomes and with wealth inequality-issues which are quickly becoming central in inequality research in South Africa (Bassier and Woolard 2018; Orthofer 2016; Wittenberg 2017) . Insofar as our approach here is focused on patterns of mobility into and out of poverty, less attention is being paid to the main determinants that differentiate the stable middle class and the elite. This is due not only to the poverty and vulnerability focus of this work; it is due also to a common limitation in existing income mobility research based on survey data; namely, the under-coverage of top incomes in household surveys (see, for example, Atkinson et al. 2011) . As Bassier and Woolard (2018) highlight and as we have noted in earlier work (Zizzamia et al. 2016) , distributional patterns of growth are increasingly leading to a divergence between the top 5 per cent of the income distribution and the rest. Accounting for this defining element of economic inequality remains out of reach of our approach as it currently stands, but it will be an important perspective to incorporate in future research.
